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- RLiTHely YHEAREES SR w4 (2016~)

« Stanford University, Post-doctoral scholar (2012~2016)

« Pennsylvania State University, ZHE{Z5} 2EAL, 2011
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'l ' « WSEAIEDAP Z'e3H AR AITHY [ SELI2E] 91/ (2023~)
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« 2|2 5547t Bioinformatics (IF=6.937)& Z&t5H SCI20FQ1 == 127 A4
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87|80 R 2251 AIBAIS ALY
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NETFLIX
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Z2]: YouTube (2024.3.22), Netflix Research: Recommendations
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INTRODUCING

echodot

Sth Gen

£2{: YouTube (2022.9.29), Introducing Echo Dot 5th Gen | Amazon Alexa
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compare it to what they shoul be doing

£2: YouTube (2022.10.13), Artificial Intelligence and manufacturing, IESE Business School
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£2: YouTube (2022.10.13), Artificial Intelligence and manufacturing, IESE Business School
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£2{: YouTube (2023.8.11), Agricultural Machines
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Full
Self-Driving
(Supervised)

£2{: YouTube (2024.4.6), Full Self-Driving, Tesla Tutorials
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ChatGPT: Optimizing i

Language Models
for Dialogue

Wea'va trained a modei called ChatGPT which interscis ina
comversational wiy The dinlogus formet makes it possible for
ChatGPT 1o answer followeun guestions, sdmil iis mistskes,
chnllenpo incorrect promices, and reject inappropriato reguesis
ChatGPT e o silbding modol to InstructGET, which is trainod 1o
folkow &n nstruction in m prompt and provide a

datalled response
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GaF wind Fass 1 more bermal?
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*XI= : healthnews.com
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Data integration and Biomarker prediction

*Kt2 : Scientific Reports 10: 21246 (2020) *AtZ : Nature Machine Infelligence 5(4): 351-362 (2023)
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nature medicine

Explore content +  About the journal +  Publish with us v

Resgurch Briafing | Published: 37 January 2026

Medical large language model for diagnostic reasoning
across specialties

Natura Madicine 31, 743-744 (2025) | Cite this article

2703 Accesses | 3 Altmetric | Metrics

We developed a medical large language model with 176 billion parameters and fine-
tuned it to learn physicians’ Inferential diagnosis. We showed that the model accurately
diagnoses common and rare diseases across specialties, aligns with medical standards,
and can be integrated into clinical workflows to effectively enhance physician diagnoestic

performance.
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Big Tech is turning to nuclear power because it

needs more energy for Al
Amazon Web Services Is reportedly making a deal for electricity from a nuclear power plant

S — 00006

English » Industry

Al boom to drive next-generation nuclear power innovation

South Korean firms SK, Doosan, and Samsung upbeat on small reactors

By Park Sung-eoo, Le= las-aun

Lipecifind 24034 DLOY, Ditdd
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Introducing ChatGPT

OpenAl 14| O[ X]
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£2{: YouTube (2024.2.17), Introducing Sora - OpenAl’s text-to-video model, OpenAl
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£2{: YouTube (2024.2.17), Introducing Sora - OpenAl’s text-to-video model, OpenAl
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Immersive Learning using VR
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FREE Al

ANIMATED
WEBSITES

£2{: YouTube (2025.4.25), How to Make Kids 3D - Animated Stories Video - Tiny Scouts
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Immersive Learning using VR B TR s

Z2{: YouTube (2025.5.6), Immersive Education with Simulations & Virtual Reality | IE University Publishing
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. Communicatewith

™

| Understand

1.

my Instructor

Seak feadback

Set Criteria ASSESS
Reflect on my )
performance Readiness to

Learn

Engage in
My needs B the Learning
(instructional '- Process
methods) )
What good teachers
do differently

How to get support
for my learning

Set Learning
Goals

—

Coach - AF7|RES&EE2 0| N=HIE

| Am

1. Organized

2. Self-disciplined,

3. ableto communicate
effectively,

4. Ableto accept and use
feedback

5. Ableto engage in self-
svaluation

6. Willing and able to self-
reflect

| Know

1. Whars | am

2. Where | want to go

3. Howlwantto get
there

4. When | have arrived

5. How to share my
goals

Z2: Linkedin (2021.10.1), “Self-directed learning as a framework for online instruction”, Paul Desmarais
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r { Alesson plan menu\\, \

oo |ndividual

reflection

o Teamwork

N N N
D - Yow content
RS

*— Teamwork

Individual (ollaboration
T reflection skills

Y - - <t

Facilitator - st& 2td 2| Z[ A}
£ https://www.sessionlab.com/blog/teacher-as-facilitator (2023. 5. 19)

51




Understand Assemble
your learners your toolkit
¢ _ ¢ Design a person-
Set SMART . alized learning
goals to stay _ environment
on track e / Steps to ® and integrate
technology
implementing
|
. personalized
' ® Deliver
umﬂ:;t: |EHI‘I‘I|I‘IE < instructionina
lessan designs o way that fosters
engagement
Account for the Use assessments and
differences in feedback as teaching

learning styles

Designer - ¥&49 ot &4 24

and learning tools

£24]: https://geniusee.com/single-blog/growing-trend-of-personalized-learning-education-technology (2024. 9. 12)
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£2{: YouTube (2024.5.22), Copilot for Microsoft 365
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Concerns about Al

0 Does Al replace teachers? (Ask this question to ChatGPT)
= “Al has the potential to complement and enhance the role of teachers, but it's

unlikely to completely replace them.”

= Why?
1. Human connections

« Teachers provide mentorship and supporting students’ social and
emotional development

2. Adaptability
« Al might lack the nuanced understanding

3. Complex learning
«  Critical thinking, creativity, and problem solving skills are
challenging solely through Al-driven instruction

4. Ethical and moral guidance
« Allacks the moral and ethical judgement required for imparting
values and ethics

5. Dynamic learning environments

« Teachers are skilled at managing unexpected situations such as
conflict resolution and motivational talks
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UNESCO Al ethics recommendations ) Ao S

Communication I::I 9
and information

Education and Environment and
research BLOSYSTeMS

£ https://www.unesco.org/en/artificial-intelligence/recommendation-ethics
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Technical ___|

Clinical translation

Age, genderisex,
[

raca/ethnicity,
lnmn marital

Clinical Al faimess

= Check If all these varables remain
sensitive in specific clinical scenarios

+ |dantify additional variables that may
induce bias within the clinical scenarios

« Disentangle “differences” and “biases”
« Invesligate data blas vs algorithm bias

= Select appropriate and objective metrics
* Ensure the moechanism undarlying the

metrics is trustworthy

= Investigate and mitigate bias in specific
clinical contexts

= Equality is not aquity

Clinical
perspeclive

£ Liu et al.,, npj digital medicine 2023

60



Interpretable Al (XAl) - EHAM

Why did you predict
42 for this data point?

— -
— — — Jr—

-

yﬁ Pttt
=
V=4

£2: https://medium.com/@shrutimisra/introduction-to-interpretable-ai-9e0fa211c3af
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Al and Privacy

" a @

Unauthorized Unregulated Usage Covert Metadata Limited Built-In
Incorporation of of Biometric Data Collection Practices Security Features
User Data for Al Models

- @
Extended and Little Regard for Limited Regulatory
Unclear Data Copyright and IP Safequards
Storage Policies Laws

E3: https://www.eweek.com/artificial-intelligence/ai-privacy-issues/ (2024. 11. 27)

62



Al Risk Management

Mallcmus Use Al Race Organizational Risks Rogue Als

| “ Tl ' Ca | @73

-|r
| 'l!":f‘_g FL | s
M 0 488
=»7 \r A

¥ Bioterrorism X Automated Warfore X Weak Safety Culture ¥ Power-Secking
¥ Surveillance State % Evolutionary Pressures X Lenked Al Systems x Deception
« Access Restnctions  Intermational Coordination v Information Security + Use-Case Restrictions
« Legal Liability + Safety Regulation + External Audits + Safety Research

£ https://matrixone.health/blog/risk-management-under-the-ai-act (2024. 1. 20)

63



AFEHO| 50| &=
A5 (Al 2272

SE AH0| LE RORIM UFHO S Bo00 MEYN

22 =LA 227 | / eV | Y 2SR (2020. 1. 23)
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